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Abstract

We review the basic intra-host model of malaria, without immunity. The model describes
the Erythrocytic stage in a malaria infected human, which involves the interaction between
malaria parasites and red blood cells. These two populations interact on a dynamic
landscape, in which a population of replicating parasites depletes a population of
replenishing red blood cells. This paper shows how concepts from nonlinear dynamics can
be used to unravel the underlying dynamical features of the model. The intra-host basic
reproductive number RO, crucial to calculations concerning control of the infection is
calculated. Using mathematical analysis of stability, conditions necessary for reducing
and/or clearing parasites in the host are determined. Numerical simulations are also
performed to verify analytic results and illustrate possible behaviour of the model.
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1. INTRODUCTION

Four malaria  species, Plasmodium
falciparum, P.vivax, P. ovale and P.
malariae cause disease in humans. Malaria
infection in a human begins with an
inoculum of Plasmodium parasites from an
infectious  Anopheles  mosquito.  The
parasite, when introduced into the blood
stream by a mosquito begins a lifecycle
within its definitive host different from that
in the vector. About 30 minutes after being
introduced into the bloodstream, these
parasites enter into the parenchymal cells of
the liver [3, 6, 9, 12] which are normally
impermeable to drugs. The30 minutes spent
in the circulation are too short to evolve the
onset of an immune response. Within the
parenchyma cells of the liver the parasites

now called the pre-erythrocytic schizonts,
multiply by schizogony. Once the infected
cell fills up with schizonts, it bursts,
releasing them to attack fresh liver cells. The
liver stage is also called the pre-erythrocytic
stage. This cycle is repeated twice in a
single infection and eventually the parasites
leave the liver cells simultaneously and
invade red blood cells in the blood stream.
Each individual parasite may produce, in
about 6 days, some 40 000 merozoites in the
liver of man [3]. These merozoites released
into the blood stream infect RBCs
(erythrocytes), and  undergo  sexual
reproduction. After about 48-72 hours [4, 7]
depending on the Plasmodium species the
infected erythrocyte  bursts releasing
daughter parasites that quickly infect fresh
erythrocytes. The parasitized red blood cell
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(PRBC) that bursts, releases on average 16
merozoites [4]. This cycle also known as the
erythrocytic stage maintains infection and
generates disease symptoms [6]. Some
merozoites, instead of developing asexually,
differentiate into sexual forms called
gametocytes [4]. Mature gametocytes
enclosed within the RBC membrane
circulate in the host's blood, available to
feeding mosquitoes. Of the four species that
infect humans, P. falciparum is the most
virulent because it attacks both young and
old RBCs whereas P. vivax or P. ovale
invasion is restricted to the very youngest
circulating RBCs and P. malariae invasion
to the very oldest [18]. In 2001, malaria was
the eighth highest con-tributor of the global
loss of disability-adjusted life years and the
second in Africa [26]. In sub-Saharan
Africa, malaria is one of the most important
infectious diseases, with the severe forms of
the disease being the main reason for
hospital admissions of people in malaria
endemic areas. The burden of malaria
disease has been documented in terms of
childhood mortality [19], anemia [20],
maternal and infant morbidity and mortality
[21], neurologic disability [22, 23], and
economic and social costs [24, 25]. There
has been considerable work on the
mathematical modelling of the dynamics of
Plasmodium falciparum infections [4, 6, 7,
9, 10]. An age-structured mathematical
model of malaria parasite life cycle that uses
clinical observations to estimate population
dynamics of sequestered parasites has been
described [6]. A suggestion that a model of
within host malaria population dynamics can
exhibit unrealistically large growth rates has
been made [11] and it was assumed that the
error can be avoided by replacing the

number of merozoites T , by the value In(r)
+ 1. Instead of modeling the intracellular
category by a single compartment, Gravenor
and Lloyd [5] introduced n categories. One
of leading basic models is that of Anderson
[2], which attempts to address blood stage
asexual cycle of P. falciparum, by following
the invasion of RBCs by merozoites. Intra-
host models deal with all the dynamics that
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occur inside the body of the host with the
pathogen. Intra-host model of malaria
describes the dynamics of the blood stages
of the parasite and their interaction with host
cells, in particular, the red blood cells and
the immune effectors [10]. We are going to
analyse the basic intra-host model of malaria
[2]. In the following section we shall give
the formulation and the analysis follows in
section 3 where we show that the disease
free equilibrium state reduces the system of
three non-linear differential equations to a
linear differential equation which can easily
be solved analytically. The intra-host basic
reproductive number is calculated in section
4. In section 5 we analyse the stability of
both the disease free and endemic equilibria.
We the discuss necessary control measures
basing our arguments on the conditions used
to attain a stable disease free state.
Numerical simulations in section 6 were
carried out to determine the general
behaviour of the model. A brief discussion
rounds up the paper in section 7.

2. FORMULATION OF THE
MODEL

T,

4, iy

4,

Figure 1: Schematic illustration of the basic
intra-host model of malaria.

The basic model of parasite dynamics has
three populations. The RBCs ¥ , PRBCs ¥

and merozoites ™ . These quantities denote
their concentration in a given volume of
blood or tissue. RBCs are recruited at a
constant rate, from bone marrow into the
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circulation, and have a life expectancy of
1

Kz days. These cells are infected through

contact with merozoites at a rate § and
become PRBCs. The PRBCs die at a rate My
. Death of a PRBC results in the release of
merozoites hence the number of merozoites
produced depends on the death rate of the
PRBCs. T is the average number of
merozoites produced per each bursting
PRBCs. Free merozoites are removed from
the system through natural death at a rate
Em or through infecting RBCs. In summary
the model variables at any time t and
parameters are:

1. Variables
o x(t) _RBCs,
. }{t] — PRBCs,
o mlt) - merozoites.

2. Parameters
e B -rate of infection,

e T -average number of
merozoites released per each
bursting PRBC,

e A _supply rate of RBCs
from the bone marrow,

e  Mi - natural death rate of
RBCs,

e My _ death rate of PRBCs,

e  [Mm - natural death rate of
merozoites,

where 4 | B |7 M My HEmoareall
positive. This model does not take into the
effect of the immune system and therefore
describes the worst case scenario.

The above assumptions lead to the following
system of differential equations

dx(t)

— = A —p x(®) — fx(Im(L).

d I
% = Bx(tIm(t) — w, y(), (1)
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dm(t
%” = TH}'}"&) = pmm(t) — fx(tym(t).
3. MODEL ANALYSIS

A steady state or an equilibrium point is a
state in which a system is not changing. To
find the equilibrium states we set

dx(t)  dy(@®) dm(t) 0
dt ~ dt ~ dt "

which is equivalent to solving system (2).
A — px(t) — fx(@Emt) =0,
Bx(tIm(t) — p, () =0, (2)

Ty, (@) — pymit) — fx(@mle) = 0.

The two steady states obtained after solving
(2) are the disease free equilibrium state
denoted by E ® and the endemic equilibrium
state denoted by E”. F ? corresponds to the
case when there is no infection (infected
population) and E” corresponds to the
presence of infection. We first discuss the
disease free equilibrium state

E?=(x"y"m"% = (ﬂi;ﬂ,ﬂ)

=4

The endemic equilibrium will be discussed
later in this section.

The disecase free equilibrium state E®
reduces the system of three nonlinear
differential equations (1) to a linear
differential equation

dx(t)
dt

which can be solved analytically. The
analytic solution of equation (3) is given by
solving
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dx
f et f dt
From which we obtain

¥ = (1_ Det), (4)

X

Where D is a constant of integration. The

equilibrium point is found by solving

dx

G0 Astow , in equation (4),
A

X - —
Hx  which is the disease free
equilibrium point.

For the disease free population

a) If 4 ®» lx then the susceptible (¥)
either increase or decrease to the
fixed point depending on the initial
value *¥a as shown in Figure 2 and
the fixed point is always greater
than one.

b) If Hx > 4 then the fixed point is
always a fraction since the death
rate exceeds the supply rate. RBCs
exponentially decrease to the fixed
point and this is shown in Figure 3.

Uninfected red blood cells, x

El 5
Time
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Figure 2: Graphs of uninfected red blood
cells, ¥ against time with different initial

values of X where & = 0.8 and b= = 0.1

All the graphs come to the equilibrium point
A 08

=—=—=28
M, 01 irregardless of the
initial value.

X

Uninfected red blood cells, x

OB OE R OB BB MW MM %% m
Time

Figure 3: A graph of uninfected red blood

cells, ¥ against time with the initial value

of ¥ = 300000 u, =08 g4ygi=01
01 1

The fixed point is 0.8 ~ 8"

4. INTRA-HOST BASIC
REPRODUCTIVE NUMBER

Generally the basic reproductive number, is
defined as the average number of secondary
cases produced by a typical infected
(assumed infectious) individual during
his/her entire life as infectious (infectious
period) when introduced in a population of
susceptible individuals [16]. It is implicitly
assumed that the infected outsider is in the
host population for the entire infectious
period and mixes with the host population in
exactly the same way that a population
native would mix.
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The intra-host basic reproductive number
(Rg) of the malaria parasite is the number of
secondary parasitised red blood cells
(PRBC) produced per primary PRBC in a
non-immune human individual at the onset
of infection [10]. It is a key parameter of
asexual parasitaemia, crucial to calculations
concerning its control by any mechanism,
natural or artificial.

To find the intra-host basic reproductive
number, we follow the method of the next
generation approach [17]. Following this

method we deduce that the matrices £ and

the inverse of V' denoted as V™* , are found
to be

2
F:(“ ﬁ'g),
0 a

and
1
— 0
Iy
V1= 7 1

A A
.H‘m‘l'ﬁx H‘m"‘ﬁE

The product FV™' is called the next
generation matrix [17]. The dominant
eigenvalue of the next generation matrix
gives the reproductive number. For the
model system (1), the intra-host basic
reproductive number is

rhA

= litix ¥B1 )

R

To bring the infection (parasitaemia) under
control we seek conditions on the
parameters of the transmission process that
will guarantee the existence of a stable
disease free equilibrium state.

5. STABILITY ANALYSIS

5.1. Stability of the disease free state
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To determine the local stability of a steady
state, we study the eigenvalues of the
Jacobian matrix evaluated at that steady
state. We denote the Jacobian matrix of
model system (1) evaluated at the disease
free equilibrium point by Jze .

A
— - n — -
U ‘E#-x
i
Jee=| 0 —p, f— (6)
iy
i
0 T, —y—5F—
Uy —U ﬁ’ﬂx

The eigenvalues Z , of /z® are obtained by
solving the following characteristic equation

\ ) A i
(—f.lx —A)(Z' +(ﬂ)+ﬂm+ﬁg)z+}l)(}lm +ﬁg)‘ T'f.l).ﬁ#—)Z 0.

X

For the disease free equilibrium state to be
stable the roots of equation (7) which
correspond to the eigenvalues of /ze should
all be negative. Clearly one of the roots of
equation (7), £= —Hz is negative. Using
the Routh-Hurwitz stability criterion (see
Appendix) the roots of the remaining
quadratic equation of (7) are negative if

A A
by (i + ) =1z >0 (@)
M My
The inequality in (8) reduces to Ha <=1 .
Therefore the disease free equilibrium is

locally stable if Re <=1 | otherwise it is
unstable.

Theorem 1 I[f Ra < 1 | then the disease
free equilibrium state is globally stable i.e.

tim (x(2), y(£),m(£)) — (Hi,ﬂ,u)

x

Proof We first rewrite the infected and

infecting compartments y(E). m(t)
respectively as
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E
¥ = [ Bx()ms)e e gs,

4
mit) = -[ T,y wmr BG4 (10)
ca

Using substitution W =t — 35 tqking
Hmsup  of both sides of the equation for
y(£) and

limsupff =

apply  the  fact  that

limsu
(see [27]) we
have

limsup,, .. v(t) = limsup, ...
oa
f Fx(t —uwm(t —we ¥ du
1]

< J"’“ limsup, ... fx( —u)
T Jy mt—u)e ¥r¥du

imsup,_.. fx(t)limsup,_ .. m()x

=1
o
f g Mrtdu
o

GA
Hm

= limsup,_, .. m{t).

Similarly for the second equation of (9) we
get

U
limsup,, .. m(t) = Fy

Fl
+ 5=
Hom ﬁ’Hx

Substituting (10) into (9) we get

A Tl
limsup,, .. v(£) = B ® Hy limsup,.
Hom e 1t
X
= Ry limsup, . v(t).

Thus if Be <1 | we have a strict inequality
(and contradiction)

M suUpP, o V() < UMSUPse: YE) | unless
lim SUp;yee Y(E) = 0 |

We conclude therefore, that the disease free

equilibrium state is a global attractor when
Ra<1

limsup,_,.. v(t).
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5.2. The endemic equilibrium and its
stability

When Bo =1 | the condition for the
stability of the disease free equilibrium state
is violated, and besides the disease free state
the model system (1) has an endemic
equilibrium state. The endemic equilibrium
will be denoted by £~ = (x".¥".m7) The
endemic equilibrium state is given as

[ . _ Hm
Br—1)
. _ ,-_ﬁﬁ‘_lu_ﬂmﬂx
=V T s,
m-zﬁﬁﬂ_lu_#mﬂx.
. ﬁ.lu'm

To determine the local stability of the
endemic equilibrium, we evaluate the
Jacobian matrix of the model system (1) at
E™  The matrix takes the following form

—y 0 —5x°

Jee = (ﬁm- “Hy Bx® ),
-fm* ru, -—a,

Where

@y = e + FX7 and Gz = i + Fx°.

The characteristic equation associated with
J&+ is given by

z? 4 Baz* + Byz+ By =00, (12)
where

Bz = a;, + az + [y,

By = aja; + pyla, +az)— fx°
(Bm™ +ru,).

By = Fyrbdm Am=.

Using the Routh-Hurwitz criterion, the
endemic  equilibrium is  stable if
BzB; — By = 0 | Using Mathematica, the
inequality 5251 —Bp = 0 s found to be
true. Hence we conclude that for the model
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system (1), when fa =1 the endemic
equilibrium is locally asymptotically stable.

5.3. Implications for control

The intra-host basic reproductive number of
malaria Re is a key parameter of asexual
parasitaemia, crucial to calculations
concerning its control by any mechanism,
natural or artificial. The condition that gives
a stable disease free equilibrium is Fe =1 .
To reduce the parasitaemia, we seek for
parameters in the expression of fa which
achieve this. We deduce the following from
the expression of Ra: (a) A decrease in the

infection rate S reduces the intra-host
reproduction number. (b) A decrease in the
average number of merozoites and (c)
increasing the death rate of merozoites
reduces fa-

Natural or artificial mechanisms that can
help in either reducing the infection rate, or
reducing the number of merozoites produced
or increasing the death rate of merozoites
are beneficial to the host in reducing the
infection. These mechanisms are -either
boosting the immune system or malaria
prophylactic drugs.

6. NUMERICAL SIMULATIONS

In this section we analyse the model system
(1) numerically. Programming language in
C** was used to simulate the results in this
section. The numerical values of parameters
used are shown in Table (1). All numerical
values of the parameters are estimated.

Table 1: Table showing numerical values of
parameters used in the simulations.

Parameter Symbol Value
Supply rate of RBCs A 10
Rate of infection B 1.0
Death rate of RBCs M 0.02
Death rate of PRBCs My 0.24
Death rate of Hm 0.8
merozoites

Merozoites released per 1 16

each bursting PRBC
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Figure (4) shows the long time behaviour of
model system (1). As time increases the
populations do not change, this means that
the endemic equilibrium is attained. Figure

(5) shows the phase plane portrait of the ¥’
the fraction of PRBCs against & | the
y=2 x==
fraction of RBCs. X1 and Xr,
where ¥ = X + ¥ s the total population of
red blood cells (RBCs + PRBCs). The graph
shows that starting with different initial
conditions the system goes to the endemic

equilibrium since the parameters used give
Re>1

A A n ol Poln g "plol s
Tima

Figure 4: Graphs of population sizes,
uninfected red blood cells X , infected red

blood cells ¥ , and merozoites ™ | with
initial values *o = 20000 1y, = 10000
me = 35000
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R

0%

infectives fraction, Y

susce;;iblestrac(ion, ‘X
Figure 5: Phase plane portrait of the
fraction of PRBCs Y against fraction of
RBCs X .

6.1. Bifurcation analysis

Behaviour of systems of differential
equations depend on parameters. The
qualitative structure of the flow can change
as parameters are varied. There can be
creation or destruction of fixed points or
their  stability might change. These
qualitative changes in the dynamics of a
system are called bifurcations and the
parameter values at which they change are
called bifurcation points. In general we can
define a bifurcation point as a set of
parameter values at which an equilibrium
point of a given system appears and/or
disappears or changes stability.

In epidemiology, bifurcation phenomena are
associated with threshold parameters, the
most common of which is the basic
reproductive number, R o . Figure (6) shows
the bifurcation diagram of system (1). The
graph was obtained by varying r, the average
number of merozoites. The graph shows that
there is an exchange of stability between
disease-free and endemic equilibria when
Ro=1 _ The bold lines show stability and
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dashed lines show instability. This graph
shows that when e <1 the disease free
state is stable and when Fe = 1 it becomes
unstable while the endemic equilibrium
becomes stable.

7. DISCUSSION

An intra-host basic model of malaria is
analysed. Analysis yielded a generalisation
of the intra-host basic reproductive number
from which control strategies are deduced.
Our results show that to reduce parasitaemia
it is effective to find mechanisms that assist

stable
| disease
b1 free

infective fraction, ¥

Unstable diszase-free equibrium

intra-host reproductive number R(0)
Figure 6. The bifurcation diagram for the
model system (1).

in reducing the infection rate, reducing
average number of merozoites produced and
increasing the death rate merozoites.

The model considered in this paper serves to
determine the most likely effects of malaria
when one first encounters the parasite. Since
one of the commonest symptoms of malaria
is headache, most unsuspecting victims
continue taking analgisic until too late. If the
dynamics of the parasite are worked out,
then the way the disease presents at various
points in life of plasmodium could be



ZJST Vol. 52010 pp. 1- 11

worked out from the model. This may
pinpoint certain indicators which people
might not have taken note previously and
assist in identifying the disease earlier to
have early treatment. One might attempt to
diagnose the parasite toxins in the urine
using kits before the onset of the currently
brown symptoms which take place when the
disease is at an advanced stage.

Reliable clinical data for estimating the total
parasite load for P. falciparum is difficult to
obtain. The reason being that in most
developing countries like Zimbabwe health
practitioners are advised to start malaria
treatment as soon as they suspect that a
person is infected with the malaria parasite.
Malaria is treatable and thus normally a
curable disease and its control mostly
depend on effective diagnosis and
efficacious drugs. Therefore, the cornerstone
of global malaria control strategy is early
diagnosis and treatment. This strategy is
however being hampered by the resistance
of P. falciparum to the easily accessible
drugs.

Malaria effects vary according to the species
of the parasite that causes them. P.
falciparum being especially dangerous and
most common in Zimbabwe, affects people
by either weakening their resistance to other
diseases, or to stunt, their mental and
physical development and to shorten their
lives. Its effects on agriculture, industry, the
economy and social aspect maybe severe.
There is no aspect of life which is not
affected, either directly or indirectly by this
disease in this country.

We have considered in this paper the
dynamics of the interaction between the
RBCs and the malaria parasite within the
human body in the absence of the immune
system. The immune system is our primary
defense against pathogenic organisms and
cells that have become malignantly
transformed. Without it the parasite
continues to invade fresh erythrocytes and
multiplying within these cells. During its life
within the cell, the parasite damages the
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host-cell and eventually destroys it.
Thousands, and sometimes millions, of
malarial parasites may be produced in the
blood. An intra-host model that takes into
account the immune response and drug
therapy will be considered elsewhere.

8. APPENDIX

Let

P@=1"+a, " +a, 7"+t a, ,T+a,
be a polynomial with real coefficients.
Let L» be an n-dimensional square
matrix whose coefficients #&m are given
by @um = @z2i-m for 0<2l—m

=M, =1 for 2l=m gpd Am =0

for2l<m or2l>m+n  Let D; be the
ith principle sub-determinant of L» for
1=1=n_  We state the Routh-Hurwitz
criterion.

Theorem 2 All solutions of the algebraic

equation P@=0  have negative real
parts if and only if Di are positive for all
l=i=n

We remark that D; >0 for1=i<n jf
and only if s 0 for1=i=n—1 and
an =0 because Dn =Du_1an. For
example if = 3 | then the conditions

ay =0 az =0  a;az—adz, should be
satisfied.

Acknowledgements

We acknowledge financial assistance from
Eagle Insurance Company and Christinah
Chiyaka would like to acknowledge the
National University of Science and
Technology for financial support through a
staff development fund.

9. REFERENCES

[1] Anderson R. M. and May R. M., Infectious

Diseases of Humans, Oxford University
Press, Ch.14, (1991).



ZJST Vol. 52010 pp. 1- 11

[2] Anderson R. M., May R. M. and Gupta S.,

Nonlinear phenomena in host-parasite
interactions, Parasitology, 99, S59-S79,
(1989).

[3] Bailey N. T. J., The Biomathematics of
malaria in malaria, Charles Griffin & Co.
Ltd. 1-93, (1982).

[4] Diebner H. H., Eincher M., Molineaux L.,
Collins W. E., Jeffery G. M., Dietz K.,
Modelling the transitions of asexual blood
stages of Plasmodium falciparum to
gametocytes, J. theor. Biol., 202, 113-127,
(2000).

[5] Gravenor M. B. and Lloyd A. L., Reply to:
models for the in-host dynamics of malaria
revisited: errors in some basic models lead

to large over-estimates of growth rates,
Parasitology, 117, 409-410, (1998).

[6] Gravenor M. B., Lloyd A. L., Kremsner P.
G., Missinou M. A., English M., Marsh K.
and Kwiatkowski D., A model for
estimating total parasite load in falciparum
malaria patients, J. Theor. Biol., 217, 137-
148 (2002).

[7] Hoshen M. B., Heinrich R., Stein W. D.
and Ginsburg H., Mathematical modelling
of the within-host dynamics of Plasmodium

falciparum, Parasitology, 121, 227-235,
(2000).
[8] Jordan D. W, Smith P., Nonlinear

Ordinary Differential Equations, Third Ed.
Oxford University Press, Ch. 8 and 10,
(1999).

[9] McQueen P. G., McKenzie F. E., Age-
structured red blood cell susceptibility and
the dynamics of malaria infections, PNAS,
101, 9161-9166, (2004).

[10] Molineaux L. and Dietz K., Review of
intra-host models of malaria, Parassitologia,
41, 221-231, (1999).

10

Chiyaka, Garira, Dube: Understanding Malaria Infection

[11] Saul A., Models for the in-host dynamics
of malaria revisited: errors in some basic
models lead to large over-estimates of
growth rates, Parasitology, 117, 403-405,
(1998).

[12] Smith J. D., Introduction to Animal
Parasitology, Hodder and stoughton Ltd,
Ch.8, (1976).

[13] Stekette R. W., Wirima J. J., Slutsker L.,
Heymann D. L., Breman J. G. The problem
of malaria and malaria control in pregnancy
in sub-Saharan Africa. Am. J. Trop.
Med.Hyg., 55, 2-7, (1996).

[14] Taylor L. H., Walliker D., Read A. F.,
Mixed-genotype infections of malaria
parasites: within host dynamics and
transmission success of competing clones,
Proc. R. Soc. Lond. B, 264, 927-935, (1997).

[15] White N. J., Chapman D., Watt G., The
effects of multiplication and synchronicity
on the vascular distribution of parasites in
falciparum malaria. Trans. R. Soc. Trop.
Med. Hyg., 86, 590-597, (1992).

[16] Diekmann O., Heesterbeek J. A. P.,
Mathematical epidemiology of infectious
diseases: Model building, Analysis and
Interpretation. Wiley, New York.

[17] Diekmann O., Heesterbeek J. A. P., Metz
J. A. J., On the definition and computation
of the basic reproductive ratio RO in models
for infectious diseases in heterogeneous
population. J. Math. Biol., 28, 365- 382,
(1990).

[18] McKenzie F. E., Jeffery G. M., Collins
W. E., J. Parasitology, 88, 521-535, (2002).

[19] Snow R. W., Craig M., Deichmann U.,
Marsh K., Estimating mortality, morbidity
and disability due to malaria among Africa's
non-pregnant population. Bull. WHO, 77,
624-640, (1999).



ZJST Vol. 52010 pp. 1- 11

[20] Guyatt H. L., Snow R. W., The
epidemiology and burden of Plasmodium
falciparum-related anemia among pregnant

women in sub-Saharan Africa. Am. J. Trop.
Med. Hyg., 64, 36-44, (2001).

[21] Steketee R. W., Nahlen B. L., Parise M.
E., Menendez C., The burden of malaria in
pregnancy in malaria-endemic areas. Am. J.
Trop. Med. Hyg., 64, 28-35, (2001).

[22] Holdings P. A., Snow R. W., Impact of
Plasmodium falciparum malaria
performance and learning: review of the
evidence. Am. J. Trop. Med. Hyg., 64, 68-
75, (2001).

[23] Murphy S. C., Breman J. G., Gaps in the
childhood malaria burden in African:
cerebral malaria, neurological sequel,
anemia, respiratory distress, hypoglycemia,
and complications of pregnancy. Am. J.
Trop. Med. Hyg., 64, 57-67, (2001).

11

Chiyaka, Garira, Dube: Understanding Malaria Infection

[24] Chima R. I., Goodman C. A., Mills A.,
The economic impact of malaria in Africa: a
critical review of the evidence. Health
Policy, 63, 17-36, (2003).

[25] Sachs J. Malaney P., The economic and
social burden of malaria. Nature, 415, 680-
685, (2002).

[26] Snow R. W., Korenromp E. L., Gouws
E., Paediatric mortality in  Africa:
Plasmodium falciparum malaria as a cause
or arisk? Am. J. Trop. Med. Hyg., 71, 16-24,
(2004).

[27] Kribs-Zaleta C. M., Velasco-Hernandez J.
X., A simple vaccination model with
multiple endemic states. Math. Biosci., 164,
183-201, (2000).



